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Fig. 1. Summarized results: More divergent images are generated by using neologism prompts (coined or modified prompts) (b), and specific negative prompts (c),

than by the original prompt (a) (Stable Diffusion 1.5, 2.1, and XL were used).
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Fig. 2. Example images generated by using random- and Markov-chain-based
coined words (a-c: https://dasyn.com/aiart/random_photo-e.html, d-f:
https://dasyn.com/aiart/markov_photo-e.html).
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Fig. 3. Example images generated by using man-made coined words (a-c:
https://dasyn.com/aiart/broken_city-e.html,  d-i:  https://dasyn.com/aiart/
broken_creature-e.html).
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C. Image variation by modification of “Mondrian”
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Fig. 4. Example images generated by using “Mondrian”.
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Fig. 5. Example images generated by coined words that changes the beginning
of “Mondrian”.
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Fig. 6. Example images generated by coined words that changes the end of
“Mondrian”.
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Fig. 7. Example images generated by coined words that changes the middle of
“Mondrian”.

{e) NIondriean (XL)

(f) Mondriean (XL)
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D. Image variation by modification of “Kandinsky”
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(d) Mandinsky (2.1) (e) Vandinsky (2.1) (f) Dandinsky (2.1)
Fig. 8. Example images generated by coined words that changes the end or

beginning of “Kandinsky” (a-f: https://dasyn.com/aiart/kandinsky-e.html, a-c:
https://dasyn.com/aiart/kandinsky positive-e.html).




E. Image variation by coined art-movement names
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§ Elrad) =

(a) Essionism (XL)

(b) painting
Kressionism (2.1)
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Fig. 9. Example images generated by coined words that represent art
movements (https://dasyn.com/aiart/art-style-e.html).
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III. STYLE VARIATION BY NEGATIVE PROMPTS
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(d) checker, (e) checker,
neg: checker (XL) neg: checker (XL)

(f) checker,
neg: checker (XL)

Fig. 10. Example images generated by using “checker” as a positive (and
negative) prompt.

DEIZ, “Mondrian” Z1IEAD 7 7 hELTHREL TZ
SNDEEDOH|Z Figure 11 (-7, EQO7 07 ReL TR
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(c) Mondrian,
neg: Mondrian (XL)

(b) Mondrian,
neg: Mondrian (XL)

(a) Mondrian,
neg: Mondrian (XL)

Fig. 11. Example images generated by using “Mondrian” as a positive and
negative prompt.

B. Image variation without positive prompt

ZOHITIL, Stable Diffusion 2.1 (28T, EO7 a7
LT “Klee” 2L, ADT L TR ELRWEA S
A7 a7 el T “Mondrian” Zf8 E LA OB {4 %
Figure 12 |26 & SW TS5,

Figures 12a-c [ZE D7 0 7 MfRE LW A O
Bl CiD. HERINZEIED D223, Wb Klee BOFRTH

Fig. 12. Example images generated by using “Klee” as a positive prompt and
“Mondrian” as a negative prompt in Stable Diffusion 2.1 (g-i:
https://dasyn.com/aiart/klee positive-e.html).
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Figures 12g-i |ZE D7 7Rl T “Mondrian” Z57E L7
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HLTWA. b Mondrian DRI TUNRWE T T7K,
Klee DARIZHEL TRV, 2220 LR B BB DD
7, BT,

SX|Z, Figure 13 [ZHESWT, FEED HL# % Stable
Diffusion XL (ZBIL TF 729, Figures 13a-c (FEDT 1T
R ELRWEA OGS TH 5. RSN S5,
WG Klee B THD.

Figures 13d-f (FAD T a7 v T “checker” ZHiEL
7256 OB THLHH, Kx0H KGO L7800
DIVTWT, ADT R T MARE LR WA K0ie DS &
METFLTWA.

(d) Klee, neg: checker  (e) Klee, neg: checker (f) Klee, neg: checker
(XL) (XL) (XL)

wérah*\¥..~w— “%7- g LS
(g) Klee, neg: Mondrian (h) Klee, neg: Mondrian
(XL) (XL)

‘\‘ L 4’}':*

(j) Klee, neg:

(1) Klee, neg:
red_Mondrian (XL)

red_Mondrian (XL)

(k) Klee, neg:
red_Mondrian (XL)

Fig. 13. Example images generated by using “Klee” as a positive prompt and
“checker” as a negative prompt in Stable Diffusion XL.
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C. Art-movement names as negative prompts
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o
=

Fig. 14. Example images generated by using “Cezanne” as a positive prompt.
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(c) Cezanne, neg:
pressionism (2.1)

‘(b) Cezanr{e;, neg:
pressionism %2. 1)
: 7

(a) Cezanne, neg:
pressionism (2.1)

(d) Kandinsky,

k (e) Kandinsky,
neg: cubism (2.1)

(f) Kandinsky,
neg: cubism (2.1) i

neg: cubism (2.1)

Fig. 15. Example images generated by using art-movement names as a positive
prompt.

IV. CONCLUSION
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